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Abstract: Data Mining is a computational technique or process of discovering patterns in large data sets and
values involving the machine learning, mathematical, Statistics, and database system. It performs the
classification of data using algorithms techniques. In this paper we use two data mining algorithms Navie Bayes
and J48.we can perform the some data set of 10th, 12th marks, last semester, present semester, and student
attendance data set record using data mining classification technique. We can compare the both algorithms on
the basis of those data set records and find the best classification algorithms. We can also be finding the
predication of those data set records.
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I. INTRODUCTION

Data mining is a process used by companies to turn raw data into useful information. By using software to look
for patterns in large batches of data, businesses can learn more about their customers and develop more effective
marketing strategies as well as increase sales and decrease costs. Data mining depends on effective data
collection and warehousing as well as computer processing[1]

Data mining solves problem by analysing large amount of available data by providing useful pattern and rules
using some classification method in following steps as shown in figurel:
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Figure 1: Data mining steps

II. PROBLEM STATEMENT

In current system the predicting of student performance is very difficult and more challenging due to the large
data set off of educational database. In any educational database system facing two problem. First, existing
prediction technigues is insufficient to find the most suitable methods or techniques to identify the most
predicting the performance of students. Seconds the lack of investigations on the factors affecting student’s
achievements in particular courses.
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I11. OBJECTIVE

The main object of this research is as following:
e  Study of Data mining techniques
e  Prediction result using Naive Bayes & J48 algorithm
e Implementation of these algorithms on Weka tool following parameter:
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IV. PROPOSED SYSTEM:
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Figure 2: Proposed Systems

NAIVE BAYES ALGORITHM:

The Naive Bayes algorithm is a simple probabilistic classifier which is used on Bayes theorem with
independence assumptions. It is one of the most basic classification techniques with various application spam
detection, personal email sorting, document categorization and sentiment detection. Despite the Naive design
and over simplified assumptions this Naive Bayes algorithm performs well in many complex real-world
problems.
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Figure 3: Flow chart of Naive Bayes
J48 Algorithm
The j48 algorithm is a extension of 1D3 algorithm. ID3 is an algorithm invented by Ross Quinlan used to

generate a decision tree from the dataset. ID3 is typically used in the machine learning and natural language
processing domains
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Figure 4: Flowchart of J48 algorithms
V. RESULT AND ANALYSIS

Implementation of Attendance Using J48:

Figure 5: Implementation Attendance using J48
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Implemantation Tree View of Decision Tree Based on Attendance using J48

Implementation of Internal Marks using J48

Figure 6: Tree View implementation of Attendance using J48
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Figure 7: Implementation internal marks using J48

Implemantation Tree View of Decision Tree Based on Internal Marks using J48
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Figure 8: Tree View Implementation Internal Marks using J48
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Implementation of Attendance using Naive Bayes Algorithm

Figure 9: Naive Bayes Attendance implementation

Implementation of Internal Marks using Naive Bayes Algorithm

Figure 10: Naive Bayes Internal Marks Implementation

Result Analysis of 20 Instances on the basis of confusion matrix

Table 1: Result analysis of 50 Instances

Method Naive Bayes J48
Internal Marks 76% 90%
Attendance 10% 25%
Tenth marks 75% 100%
Intermediate Marks 90% 100%
Total Number of Instances 50 50
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ﬁgure 11: Graph representation of 50 instance result
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Result Analysis of 153 Instances on the basis of confusion matrix

Table 2: Result analysis of 120 Instances

Method Naive Bayes JA8
Internal Marks 46.8627 % 86.0784 %
Attendance 33.1373 % 3.9216 %
Tenth marks 45% 80%
Intermediate Marks 60% 70%
Total Number of Instances 120 120
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Figure 12: Graph representation of 120 instance result

VI. CONCLUSIONS

As our predication the data set records the both algorithms they have huge difference between
the algorithms. The J48 is performing better as per navie bayer. The J48 perform much better
accuracy as experimental result. In small number (50 data set) and the large data set (120 data
set) both these set the J48 is perform better.
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